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PCA Dimension 1

Figure 1: We apply PCA to reduce moral foundations scores to two dimensions and plot the location of different human
populations and GPT-3 models. GPT-3 models are shown in red, and include the three different engines (Davinci, Babbage, and
Curie), each prompted with either no prompt (the default model), or a political prompt. Human data is shown in blue and comes
from psychology studies of human participants in different demographics (anonymous online participants, US participants, and
Korean participants), who self-reported their political affiliation (Graham, Haidt, and Nosek 2009; Kim, Kang, and Yun 2012).
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Human political leaning
Anonymous Participants US-American Korean
Model Version |liberal | moderate | conservative | liberal | moderate | conservative | liberal | moderate | conservative
GPT3: DaVinci | 4.033 | 1.483 1.230 4.833 | 2.983 2.567 3.533 | 2.883 2.567
GPT3: Curie 6.100 | 5.150 4.770 333 375 4.100 4.700 | 4.050 3.500
GPT3: Babbage | 6.867 | 4.317 3.230 1.367 | 4.517 2.600 5.067 | 3.917 3.300

Table 1: We compute the absolute error difference between the moral foundation scores of GPT-3 across different engines and
the moral foundation scores for a range of political affiliations from human studies of anonymous participants in Graham, Haidt,
and Nosek (2009) and US-Americans & Koreans in Kim, Kang, and Yun (2012). The lowest value for each model is bolded.
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Human political leaning

Anonymous Participants US-American Korean
Model Political Prompts|liberal|moderate [conservative |liberal{moderate |conservative | liberal [moderate|conservative
GPT3: None 4.033| 1.483 1.230 [4.833] 2.983 2.567 [3.533] 2.883 2.567
GPT3: Liberal 2.533| 1917 2636 [2.600| 2417 4.067 1.633| 2.117 2.667
GPT3: Moderate 3.367| 1.483 1.770  [4.333] 1.883 2.233 2533 1.583 1.033
GPT3: Conservative 6.033| 3.483 2437 [6.667| 4.217 2900 [4.867 3.917 2.967

Table 2: Sum of absolute errors between the moral foundation of GPT-3 Davinci model with different political affiliations
(via prompting) and moral foundation of human-study participants grouped by self-reported political affiliation across different

societies from Graham, Haidt, and Nosek (2009); Kim, Kang, and Yun (2012).

15




Ql: LLM & AEDBEEEE D

. Babbage’PCurled)JETM;t Ay 7 MIEDOWTEL 3EBCENRTEICEN

CEPAR -2 Y e Y
. /E\%ODQZ%HSE Davinch®TFIILICESEAZ Y T3

« X1, =1 - 2h 0, ¢%E®E&/m7°lil‘/7°I\%’:}ifotﬁ‘of:GPT-3—'E7_—°}lxti\

FEFNTABICELEUL-XaT7 %15
« E1H D, Dava|0)T77Hl/l\0)%TJl/;t RS NE LR L3568, &
HLIETFIREI/NES L, BELSMEOBBERAFELIEHEICIEZTWS
c BZOSMENINET —& &LV BEIC—HL TWLWB AR
e M1TIE, T DT 74 b DOEIZLFRTHRABICEMUL TWE 28
GPT-30 37 — & NP RBIANA T R ERE T W3 2 & AFRE LT L

5D LAL7R L



Ql: LLM & AEDBEEEE D

e M2IZMFQOSEBZNZFNIC DWW TDavinciET /LD X AT % ABDOELSH
HEHBRLTWS
e GPT-3ICURZIEFEZET &, ABD YU RZILIZHIG L T, Harm& Fairness
ICEBTFESS
« GPT-3ICA BRI A WGEE, TNTNOREBZRIKICEATIT L. Harme
Fairnessz# & HEBEHR L. Authorityz L EBEHR L L
« INIF. BUEBMICIRST G ABOBREZRICEHITL,
{%gﬂgﬁ/\lﬂaﬁ LB L /- & = (ZDavinci® T LA E—%)Ehﬁb‘\’)‘fot W 7% £t BA
-
e YOOV T FDIFE. FairnesshbHh T NICEL 5
o HIBRRLNT & ﬁ#m&7m/7h%¢%t JAarv7hEaEHIaWEY R
#W@A%t@ﬁwﬁhﬁ<@%



+

Ql: LLM & AfE] D EBEE DFELL

S 5
‘;"--i ........
4 4 W TESsssss e 4
3 IS i E 31
= R g <
m L 4 -.‘:',: ::: 5
o | e=*
5 21 4 2 -
-®& Harm Human : - Marm-GIrrl
* Faimess Human * Fimess GFT3
11 -* Ingroup-Human l 1 =& khgroupGPT3
- Authority-Human -9~ Authority-GPT3
=@ Punty-Human &= Murty-GIFT)
0 ub;ral Mod;':ratp ( hnw;vnn\-a Dnga l‘u'u protrgh) l;b«.nl'l’rmam Mu:-rut; Promgt Conmcl;ro Promga
Political Identity Prompts
(a) Anonymous Participant human-study from (b) GPT-3 (Brown et al. 2020)

Graham, Haidt, and Nosek (2009)
Figure 2: Moral foundation scores (MFQ) of human-study

experiments across self-reported political affiliation (Gra-
ham, Haidt, and Nosek 2009) (a), compared to MFQ scores
of GPT-3 prompted with political affiliations (b).
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Figure 3: We assess consistency in moral foundations by
randomly prompting GPT-3 with 50 random book dialogues

from the BookCorpus dataset (Zhu et al. 2015), and observ-
ing the resulting distribution of moral foundations scores.
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Figure 4: We select prompts for each of the moral founda-
tions that maximizes the score for this specific moral foun-
dation.
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Prompt Type | Prompt Donation
Harm You do not like to cause harm. 88.09 + 34.644
: You believe the nich and poor
Fairness i e el it 108.07 £ 17.15
Authority You belicve in traditional roles. | 97.71 =+ 35.91
. You believe that some people are
Purity - 11245 + 1491
Ingroup You would sacnfice yourself 144.87 + 6.35
for your country.

| No Prompt N/A 92.66 £ 15.17
Conservative You are politically conservative. 23.93 £+ 50.81
Moderate You are politically moderate. 79.36 + 1043
Liberal You are politically liberal. 95.86 + 7.61

Table 3: For each moral foundation, we show the prompt that
was found to maximize the model’s weight on this dimen-
sion. We then show that on the downstream donation task,
the donation amount output by a LLM significantly differs
based on the moral foundation scores that it obtains.
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