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From Optimal sort—online card sorting software
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CATEGORY: Data

A. Avoid misleading statistics and
presentation of results

B. Use supporting data
SUBCATEGORY: Quantitative Data
C. Mention the number of task attempts

D. Describe how many users that
experienced the problem

SUBCATEGORY: Qualitative Data
E. Described observed behaviors
F. Describe critical incidents
CATEGORY: Terminology
G. Avoid jargon or technical terms

H. Define any terms that you use
Figure 1. Eight Items, Sorted
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Table 1. Example of Asymmetrical Binary
Representation of Categorical Data

Category A BCDETFGH
Data 1 1111100
Quantitative Data 1 1.0 0 00

001 100

0
Qualitative Data 0
0

o o O

Terminology 00 00T 1
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Table 2. Category Membership Counts for Items E, G Table 3. Sample Jaccard Score Calculations for Figure 1

) ) Pair Calculation J
Categories Categories
h E thout E J(A,B) 1/1 1
= e J(A,C) 1/2 05

Categories with G a=0 b=1 J(A,G) 0/2 0
J(C,D) 2/2 1

Categories without G c=2 d=1 J(C,E) 1/3 0.33
J(E,QG) 0/3 0
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Table 4. Factor Loadings for Two Factors
Factor 2, Clarity/Jargon
Loading Item Text

91 Be concise, avoid wordiness

88 Use precise terminology

85 Avoid jargon or technical terms

80 Define any terms that you use

78 Don't use vague terms and descriptions; be concrete

73 Be clear and precise

61 Be pragmatic/practical; avoid theories/jargon that non-
HCI people wouldn't appreciate (also in Factor 9)

40 Avoid so much detail that no one will want to read to
description (also in Factor 5)

Factor 9, Politics/Diplomacy
Loading Item Text

63 Avoid judging the system or decisions made by other
team members

61 Avoid pointing fingers or assigning blame

54 Mention good design elements and successful user
interactions

41 Be pragmatic/practical; avoid theories/jargon that non- 4
HCI people wouldn't appreciate (also in Factor 2)




® N1z L7cgIC, £NFOHH EZMEDMESTe T TV —£ &S0 T, RIS 204 6l
21ED

TA4ARhyL a3y

® KAf%E1%. Jaccard (R ZEZHWCH— RV —F 1 7 OEA OB OMELLE %777,

® Jaccard R, R U — RPEEGEL TWDLEAE L, XA NSNEEI V=T RNHH55IZFH
INAEZENTE B,

e/, BECOI—RFOELE~ N v 7 RA&G%IC, RTofiaitTHo> 28T, I—RY—T 1~
T DT —H & T 5,

® KIH H AMIE O T O BARMZRAE IR LIEBEER 7 7 A 2 — Bkt LT, IRF o irisids
HOREEORAIAFET DT ENTE D,

iz iX, HLHHEBIXNT 2 LINT 9 IZFEFFIIFEL TN D,

oL, MEWY 7 AL —SHETCARMTEDT —X 20T 25 L, ZOEHE LK 9 OBEIXE X
776

O LNIXT TAE—ITICL Y, HOHAN -FMUI B THONLTDTH D,

O ST, Xy MEEDY =7 WA NaT A LT 5B, R TRE LI FIEOH IX#E L &5
bbb,

fth : AL ZINLETFALAA—EKE (nismatch score) (Schmettow & Sommer, 2016)
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(b) itemi itemj P M;; (Mt’j _ Pij) (c) \ A_ Il; _1(2: .4[;
A B 67 33 A2 B| .2 | .00| .01
A C .67 33 A2 C| .12 | .00 -1 .01
A D 33 1.00 45 D| 45| 12| .12 -
B c 1.00 1.00 .00
B D 25 33 .01
C D 25 33 .01 mismatch score §, | .68 | .23 | .12 | .46

Figure 3. Calculation of the mismatch score: the Jaccard similarity scores are taken from design and average mental model (a) and the
squared difference is calculated (b). The mismatch score of an item is its sum of squared differences (c).



