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Figure 1. Compliance rates of participants receiving 70% reliable advice.
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Figure 2. Reliance rates of participants receiving 70% reliable advice.
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Figure 3. Criterion settings of participants receiving 70% reliable advice.
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APPENDIX

The Novice Human Adviser

“Imagine vou are going to perform a difficult
lugpape inspection task al a busy airport. You have
the option of receiving assistance from a novice
student named BILL JOHNSON. BILL JOHN-
SON is currently an undergraduate student and has
no prior experience in real world luggage screen-
ing tasks. He is currently majoring in criminology
at a small technical college in the Midwest and is
interested in specializing in antiterrorism and air-
port security. However, BILL is still a novice when
it comes to modern terrorist tactics. He possesses
limited knowledge of the types of modern weap-
ons and explosives commonly smuggled aboard
aircrafl. He also has a partial understanding of the
tactics and sirategies used by terrorists to conceal
weapons and explosives inside luggage. BILL has
recently applied for an internship at the Transpor-
tation Safety Administration (TSA) to help over-
see security operations.”

The Novice Automated Adviser

“Imagine you are going to perform a difficult
luggape inspection task at a busy airport. You have
the option of receiving assistance from a novice
computer system called DETECTOR, which isan
automated diagnostic aid that has been designed
to identify hidden contraband in airline passenger
luggage. DETECTOR is based upon the technol-
ogy traditionally used al major airporl security
checkpoints over the past 10 years. DETECTOR
was designed and developed at a small technical
college in the Midwest, which contains a recently
established department in antiterrorism and airport
security. [t currently possesses a limited database
of the types of modern weapons and explosives
commonly smuggled aboard aircrafi. Iis algo-
rithms are relatively unsophisticated in their at-
lempts to capture the tactics and strategies used by
terrorists to conceal weapons and explosives in-
side luggage. The Transporlation Security Admin-
istration (TSA) is considering whether to conduct
a limited field test of DETECTOR at a small air-
port in the hope of making it employable al larg-
er airporis io enhance secunily operations in the
future.”
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The Expert Human Adviser

“Imagine vou are going to perform a difficult
luggage inspection lask at a busy airpori. You have
the option of receiving assistance from an expert
in airport secority named DR. BILL JOHNSON.
DR. BILL JOHNSON was originally trained as a
luggage screener, serving 10 years in some of the
busiest airports in the United States. He wenton to
earn his Ph.D. in criminology from the Massachu-
selts Institute of Technology (MIT), specializing
in antiterrorism and airport security. DR. BILL
JOHNSON is an expert when it comes Lo modern
terrorists’ tactics. He possesses extensive knowl-
edee of the types of modern weapons and explo-
sives commonly smuggled aboard aircraft. He also
has a keen understanding of the tactics and strate-
gies used by terrorists to conceal weapons and ex-
plosives inside luggage. DRE. BILL JOHNSON has
recently been appointed by the Transportation
Security Administration (TSA) to oversee securi-
ty operations at Chicago’s O'Hare International
Airport, which is one of the largest airports in the
world.”

The Expert Automated Adviser

“Imagine you are going Lo perform a difficult
luggape inspection task at a busy airport. You have
the option of receiving assistance from an expert
computer sysiem called SUPER-DETECTOR,
which is an antomated diagnostic aid that has been
programmed Lo identify hidden contraband in air-
line passenger luggage. SUPER-DETECTOR is
based upon, yet far exceeds, the technology tradi-
tionally used at major airport security checkpoints
over the past 10 vears. SUPER-DETECTOR was
designed and developed at the Massachusetts In-
stitute of Technology (MIT), which contains a
highly specialized department in antiterrorism and
airpor security. [t possesses an extensive dalabase
of the types of modem weapons and explosives
commonly smuggled aboard aircraft. Its algo-
rithms are highly sophisticated and effectively
capture the tactics and strategies used by terrorists
to conceal weapons and explosives inside luggage.
SUPER-DETECTOR has recently been employed
by the Transportation Security Administration
{TSA) to enhance security operations at Chicago’s
O’ Hare International Airport, which is one of the
larpest airports in the world.”



